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K1-1 Image from MNIST handwritten digit dataset
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K1-2 A zero that’s algorithmically difficult to distinguish from a six
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K]1-3 The process of vectorizing an image for a machine learning algorithm
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K1-4 Sample data for our exam predictor algorithm and a potential classifier
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Kl1-5 As our data takes on more complex forms, we need more complex

models to describe them
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K1-6 A functional description of a biological neuron’s structure

K] 1-7 Schematic for a neuron in an artificial neural net
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sleep study

K1-8 Expressing our exam performance perceptron as a neuron
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Kl1-9 A simple example of a feed-forward neural network with three layers

(input, one hidden, and output) and three neurons per layer
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K1-10 An example of a linear neuron
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K1-12 The output of a tanh neuron as z varies
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K1-13 The output of a ReLU neuron as z varies
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