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What are heterogeneous graph?

An heterogeneous graph is a graph in witch nodes and edges have 
differents types.
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Def:
A meta path in a heterogeneous graphs, is a path following a specific meta 
path scheme P.
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Def:
A meta path in a heterogeneous graphs, is a path following a specific meta 
path scheme P.

Def:
A meta path scheme P is defined as a path that is denoted in the form of :

Wherein 

Defines the composite relations between nodes types        and 
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Def:

Given an heterogeneous network G = (V,E,T) and a meta path scheme P.

The transition probability at step i is defined as follow:

SchemeNode at time i 
of type t
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Def:

Given an heterogeneous network G = (V,E,T) and a meta path scheme P.

The transition probability at step i is defined as follow:

SchemeNode at time i 
of type t

Node at time i +1

Function that compute the 
type of a node
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Size of the output 
embedding Equal to 

Node2Vec

Equal to 
Node2Vec
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