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WHY IT IS IMPORTANT?
● Recommendation systems
● Privacy control on social networks
● Influence detection
● Routing networks
● Etc … 

HOW TO SOLVE IT

● Topology based methods
● Node attribute based methods
● Based on embeddings
● Probabilistics relationship models 
● Etc … 
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But..

What is the difference between the GAE for node 
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The LOSS function
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