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What are heterogeneous graph?

An heterogeneous graph is a graph in witch nodes and edges have
differents types.
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// \/p/ Def:
- £ A meta path in a heterogeneous graphs, is a path following a specific meta
/ /
path scheme P,

Def:
A meta path scheme P is defined as a path that is denoted in the form of :

ViV ="V 3B V=™ Vi =" Y

Wherein
R=R,-Ry-Rs-...R_;

Defines the composite relations between nodes types Vi and Vi
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The transition probability at step i is defined as follow:
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v Given an heterogeneous network G = (V,E,T) and a meta path scheme P

The transition probability at step i is defined as follow:

Node at time i
of type t
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Function that compute the

Given an heterogeneous network G = (VE,T) and a meta path scheme P type of a node

The transition probability at step i is defined as follow:

Node at time i
of type t
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Scheme
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CLASS MetaPath2vec ( edge_index_dict, embedding_dim, metapath, walk_length, context_size,
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