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6-3. H{X| ™H 3}
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ZEX: https://sacko.tistory.com/45
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6-5. of0|m ui2jo|E x| X3}

Idea #1: Choose hyperparameters BAD: K = 1 always works
that work best on the data perfectly on training data

Your Dataset

Idea #2: Split data into train and test, choose BAD: No idea how algorithm
hyperparameters that work best on test data will perform on new data
train test

Idea #3: Split data into train, val, and test; choose Better!
hyperparameters on val and evaluate on test N '

train (validation )| test

N

=M 9o| oto]m Li2tt|HE = data set

=X: CS231N
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