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Table 1: ConvNet configurations (shown in columns). The depth of the configurations increases
from the left (A) to the right (E), as more layers are added (the added layers are shown in bold). The
convolutional layer parameters are denoted as “conv(receptive field size)-(number of channels)”.
The ReLU activation function is not shown for brevity.

ConvNet Configuration
A A-LRN B C D E
11 weight | 11 weight | 13 weight | 16 weight | 16 weight | 19 weight
layers layers layers layers layers layers
input (224 x 224 RGB image)
conv3-64 conv3-64 conv3-64 conv3-64 conv3-64 conv3-64
LRN conv3-64 conv3-64 conv3-64 conv3-64
maxpool
conv3-128 | conv3-128 | conv3-128 | conv3-128 | conv3-128 | conv3-128
conv3-128 | conv3-128 | conv3-128 | conv3-128
maxpool
conv3-256 | conv3-256 | conv3-256 | conv3-256 | conv3-256 | conv3-256
conv3-256 | conv3-256 | conv3-256 | conv3-256 | conv3-256 | conv3-256
convl-256 | conv3-256 | conv3-256
conv3-256
maxpool
conv3-512 | conv3-512 | conv3-512 | conv3-512 | conv3-512 | conv3-512
conv3-512 | conv3-512 | conv3-512 | conv3-512 | conv3-512 | conv3-512
convl-512 | conv3-512 | conv3-512
conv3-512
maxpool
conv3-512 | conv3-512 | conv3-512 | conv3-512 | conv3-512 | conv3-512
conv3-512 | conv3-512 | conv3-512 | conv3-512 | conv3-512 | conv3-512
convl-512 | conv3-512 | conv3-512
conv3-512
maxpool
FC-4096
FC-4096
FC-1000
soft-max
Table 2: Number of parameters (in millions).
Network AA-LRN | B L D E

Number of parameters 133 133 | 134 | 138
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Table 3: ConvNet performance at a single test scale.

ConvNet config. (Table 1) smallest image side top-1 val. error (%) | top-5 val. error (%)
train (S) | test ((Q)
A 256 256 29.6 104
A-LRN 256 256 29.7 10.5
B 256 256 28.7 9.9
256 256 28.1 9.4
C 384 384 28.1 9.3
[256:512] 384 273 8.8
256 256 27.0 8.8
D 384 384 26.8 8.7
[256:512] 384 25.6 8.1
256 256 273 9.0
E 384 384 269 8.7
[256:512] 384 255 8.0
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Table 4: ConvNet performance at multiple test scales.

ConvNet config. (Table 1) smallest image side top-1 val. error (%) | top-5 val. error (%)
train (S) test (Q)
B 256 224,256,288 28.2 9.6
256 224,256,288 27.7 92
C 384 352384416 27.8 92
[256; 512] | 256,384,512 26.3 8.2
256 224,256,288 26.6 8.6
D 384 352,384 416 26.5 8.6
[256;512] | 256,384.512 24.8 7.5
256 224.256,288 269 8.7
E 384 352384416 26.7 8.6
[256; 512] | 256,384,512 248 7.5
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Table 5: ConvNet evaluation techniques comparison. In all experiments the training scale S was
sampled from [256; 512], and three test scales () were considered: {256,384, 512}.

ConvNet config. (Table 1) | Evaluation method | top-1 val. error (%) | top-5 val. error (%)
dense 24.8 7.5
D multi-crop 24.6 7.5
multi-crop & dense 244 7.2
dense 248 7.5
E multi-crop 24.6 74
multi-crop & dense 244 7.1
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Table 6: Multiple ConvNet fusion results.

Error

Combined ConvNet models top-T val[top-3 val[top-3 test

ILSVRC submission
(D/256/224 256 .288), (D/384/352,384 416), (D/[256:512]/256,384 512)
(C/256/224 256 288), (C/384/352 384 .416) 24.7 75 73
(E/256/224.256 288), (E/384/352.384.416)

post-submission

(D/[256:512]/256.384.512). (E/[256:512]/256.384 512), dense eval. 240 71 7.0
(D/[256:512]/256.384.512), (E/[256:512]/256.384.,512). multi-crop 239 72 -
(D/[256:5121/256.384.512), (E/[256512]/256.384,512), multi-crop & dense eval.| 23.7 6.8 63

4.5 5 HTE I A U
R Z A i SR B B

Table 7: Comparison with the state of the art in ILSVRC classification. Our method is denoted
as “VGG”. Only the results obtained without outside training data are reported.

Method top-1 val. error (%) [top-5 val. error (%) |top-5 test error (%)
VGG (2 nets, multi-crop & dense eval.) 23.7 6.8 6.8
VGG (1 net, multi-crop & dense eval.) 24 .4 7.1 7.0
[VGG JLSVRC submission, 7 nets, dense eval.) | 247 [ 75 [ 73 |
GoogLeNet (Szegedy et al., 2014) (1 net) - 79
GoogLeNet (Szegedy et al., 2014) (7 nets) - 6.7
MSRA (He et al., 2014) (11 nets) - - 8.1
MSRA (He et al., 2014) (1 net) 279 9.1 9.1
Clarifai (Russakovsky et al., 2014) (multiple nets) - - 11.7
Clarifai (Russakovsky et al., 2014) (1 net) - - 12.5
Zeiler & Fergus (Zeiler & Fergus, 2013) (6 nets) 36.0 14.7 14.8
Zeiler & Fergus (Zeiler & Fergus, 2013) (1 net) 375 16.0 16.1
OverFeat (Sermanet et al., 2014) (7 nets) 340 132 13.6
OverFeat (Sermanet et al., 2014) (1 net) 357 142 -
Krizhevsky et al. (Krizhevsky et al., 2012) (5 nets) 38.1 164 164
Krizhevsky et al. (Krizhevsky et al., 2012) (1 net) 40.7 18.2 -
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FT 23 RUEF R DT B R TR Rz Ak e 77, BRI T I ik
TR P [ E L
—. VGG SEHARFLE S i
Vx = tf. placeholder (tf. float32, shape = [BATCH_SIZE, IMAGE_PIXELS])
tf. placeholder: ATAHANRLIGHE / R / EEAE / FrbERLE.
HE AL, AAgs HAIME . sess. run i) feed dict 2 ULFRERNBAX:, v ¢
sess. run(feed dict = {x: ,y : })
BATCH_SIZE: —RFENKINEL.
IMAGE_PIXELS: BB HE.
#i: x = tf.placeholder ("float”, [1, 224, 224, 3])
BATCH_SIZE 9 1, FRoRn—ikfEAN—". BB ER 91224, 224, 3]
v w=1tf.Variable (tf. random normal ()) : AIEZ 41 45 A E w K FEHLLE -
b = tf.Variable (tf.zeros()): Gi—¥WE b FEE4LHN 0.

R PLEMAT R Variable T V 2 K5, Variable 254045 411 .
vnp.load  np.save:¥EH L —HHIR X ERIE, B2 N. npy .
V.item(): P (RBEX).
J tf. shape (a) fll a. get_shape () L%

HHER: AR PIAR R tensor a BIR~

AFEE: tf. shape O a FIFIEARB TR tensor, list, array; T
a. get_shape () 1 a H)E3ERE R BER tensor, HIREIFZ—/Jc4 (tuple).

5. import tensorflow as tf

import numpy as np

x=tf. constant ([[1, 2, 3], [4, 5, 6]]
y=[[1,2,3], [4,5,6]]
z=np. arange (24) . reshape ([2, 3, 4]))

sess=tf. Session ()

# tf. shape()



x_shape=tf. shape (x) # x shape s&2—> tensor

y shape=tf. shape (y) # <tf.Tensor ’Shape 2:0° shape=(2,)
dtype=int32>
7 shape=tf. shape (z) # <tf.Tensor ’Shape 5:0° shape=(3,)

dtype=int32>

print sess.run(x shape) # R [2 3]
print sess. run(y shape) # 45582 3]
print sess. run(z shape) #gER[2 3 4]

#a. get shape()

x_shape=x. get shape () # IR [\ & TensorShape ([Dimension(2),
Dimension(3)]), AEEMFH sess. run(), K NIR[FIFIARE tensor BY string, 1M
Py ik

x_shape=x. get shape().as list() # "JPMEMH as list ()53 EA&R R
s, x shape=[2 3]

y shape=y. get shape () # AttributeError: ’list’ object has
no attribute ' get shape’

7. shape=z. get shape () # AttributeError: ’numpy.ndarray’
object has no attribute ' get shape’
Jtf.nn. bias_add GRANA, bias): I bias M L.
v tf. reshape (tensor, shape):
% tensor FIFEIR
# tensor ‘t’ is [1, 2, 3, 4, 5, 6, 7, 8, 9]
# tensor ‘t’ has shape [9]
reshape (t, [3, 3]) ==
[[1, 2, 3],
[4, 5, 6],
[7, 8, 9]]
#IN R shape HL R [-1], RpAEREEITFE—%



# -1 BEHESFB/N 9:
reshape (t, [2, -1]) ==>
[[1, 1, 1, 2, 2, 2, 3, 3, 3],
[4, 4, 4, 5, 5, 5, 6, 6, 6]]
< np. argsort (FIR) : FFIRMN/PNEIKHEFF
v 0S fEHR
os. getewd () : IR[EIX4HF T/EH
os. path. join(pathl[, path2[,...... 1D :
BEME: B2 AMBERASFIRE.
ER: BN ENBRZATRSEE 2.
E
>>> import os
>>> vggl6 path = os.path. join(os. getewd(), “vggl6. npy”)
#HT H 3% /vegl6. npy, K5|F vegl6. npy 1
vnp. save: BEABIMH (REH _FHFER), CHBRAKT RER. npy .
np. save (“44. npy”, FEHA) KIEHHABAN “4&. npy” XHF.
HAE = np. load ("44.npy”, encoding = 7 7). item(): ¥ “4.npy” Xt
HAHEZR. encoding="" WLUAF ‘latinl’ . ‘ASCII” . ‘bytes’ ,
BRIAN ASCIT”
.
>>> import numpy as np
A = np. arange (15). reshape (3, 5)
>>> A
array([[ 0, 1, 2, 3, 4],
[5 6 17, 8 9],
[10, 11, 12, 13, 14]7)
>>>np. save ("A.npy”, ) #INRAFBRARR B AT 4. npy, 23 R4 24
B3 k.
>>> B=np. load ("A. npy”)



>>> B
array([[ 0, 1, 2, 3, 4],
[ 5 6, 7, 8, 9],
[10, 11, 12, 13, 1411)
Jtf.split(dimension, num split, input):
dimension: MIATKERH—MEE, WRE 0 MBARNE 0 EEBHATIIH.
num_split: PIBIREE, WRLE 2 MRTMAKERIIR 24, §—He—F
FIR.
E
import tensorflow as tf;

import numpy as np;

=
Il

[[1,2,3],[4,5,6]]
tf.split(l, 3, A)

>
Il

with tf.Session() as sess:
¢ = sess. run(x)
for ele in c:
print ele
B -
[[1]
[4]]
[[2]
[5]]
[[3]
[6]]
v tf. concat (concat_dim, values):
B R ES tensor:
t1 = [[1, 2, 3], [4, 5, 6]]



t2 = [[7, 8, 9], [10, 11, 12]]

tf.concat (0, [t1, t2]) ==> [[1, 2, 31, [4, 5, 6], [7, 8, 91, [10, 11,
121]

tf.concat (1, [t1, t2]) ==> [[1, 2, 3, 7, 8, 91, [4, 5, 6, 10, 11, 12]]
WRAEWE tensor —HHIELITE, AT LL:

tf. concat (axis, [tf.expand dims(t, axis) for t in tensors])

& 6F tf. pack (tensors, axis=axis)

Vfig = plt. figure ("E&F"): EHLENER.

Jax = fig.add subplot(m n k): KEAHHEnIT ns, EGEENLET]
AN LB TR k R

1

GRS B i B

import matplotlib. pyplot as plt

from numpy import 3k

B2

fig = plt. figure()

ax = fig.add subplot(3 4 9)
ax. plot (x, y)

plt. show()
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ax. bar (bar I ¥L, bar KME, B4 bar K14, bar K%, bar KFif): £

BIEHFHE. 41 bar B, bar K{E, €4 bar 14, bar KT, bar K
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ax. set_ylabel ("”): &H v B4 F.
ax. set_title(””): AHFEKILZFE.
ax. text (x, v, string, fontsize=15, verticalalignment="top”, horizontalali
gnment="right”) :
X, y: RAAPRH_ERIE
string: TRV F.
fontsize: RNTFAEKPD.
verticalalignment: EX T, 28 : [ ‘center’ | ‘top” | ‘bottom’
| ‘baseline’ ]
horizontalalignment: KX AR, ZH: [ ‘center’ | ‘right’ | ‘left’ ]
xycoords WEFFESE E AL bR R S -
e figure points
points from the lower left of the figure MAEEIA NI
e figure pixels
pixels from the lower left of the figure B NG E
e figure fraction
fraction of figure from lower left /& N ME ¥l
e axes points
points from lower left corner of axes M T &S HIALFR
e axes pixels
pixels from lower left corner of axes M/ N fHIME & LR
e axes fraction
fraction of axes from lower left /& N &4
e data
use the coordinate system of the object being annotated(default) fi
FHHIAAAR RGBT G (BRI
e polar(theta, r)
e if not native ‘data’ coordinates t arrowprops ##i kS, SHKL

M8 dict



width

the width of the arrow in points sk % &

headwidth

the width of the base of the arrow head in points  {F mi H i Sk J& B
) 5 S

headlength

the length of the arrow head in points A FikHIKE

shrink

fraction of total length to ‘shrink’ from both ends SKJE HN7
AR I i

facecolor i Sk B

bbox Z5brEBEINAME , HHSEW T

boxstyle JTHEAME

facecolor (fi]'5 fc) iy ScElfh
edgecolor (A5 ec) IIHEZ LB,
edgewidth JUHEZL 26K/

bbox=dict (boxstyle= round, pad=0.5", fc= yellow , ec= k', lw=1 , alpha=0

.5)  #fc N facecolor, ec A edgecolor, 1w A lineweight
v plt.show(): HH*K.
Jaxo = imshow (&) : EFH.

&

= io. imread (B2 R 5 BIXH) -

V vgg MI%% BAREEH



ConvNet Conﬁéuranon

A A-LRN B C D E
1T weight 11 weight 13 weight 16 weight 16 weight 19 weight
layers layers layers layers layers layers
input (224 x 224 RGB image)
conv3-64 conv3-64 conv3-64 conv3-64 conv3-64 conv3-64
LRN conv3-64 conv3-64 conv3-64 ‘ conv3-6H4
maxpool
conv3-128 | conv3-128 | conv3-128 | conv3-128 | conv3-128 | conv3-128
| conv3-128 | conv3-128 | conv3-128 ‘ conv3-128
maxpool

conv3-256 | conv3-236 | conv3-256 | conv3-236 | conv3-236 | conv3-256
conv3-256 | conv3-256 | conv3-256 | conv3-256 | conv3-256 | conv3-256
convl-256 | conv3-256 | conv3-256
conv3-256

maxpool
conv3-312 | conv3-312 | conv3-512 | conv3-512 | conv3-312 | conv3-512
conv3-312 | conv3-312 | conv3-512 | conv3-512 | conv3-512 | conv3-512
convl-512 | conv3-512 | conv3-512
conv3-512

maxpool
conv3-312 | conv3-312 | conv3-512 | conv3-512 | conv3-312 | conv3-512
conv3-312 | conv3-512 | conv3-512 | conv3-512 | conv3-512 | conv3-512
convl-512 | conv3-512 | conv3-512
conv3-512

maxpool
FC-4096
FC-4096
FC-1000
soft-max

J vggl6. py B JR L FI S

( _init_)IN#EZE F|data_dict

( get_conv_filterlltZ &%

get_biasH i & Z 4

build_model ! [% % { max_poolili it/

get_fc_weightlwZ %[
get_biasHUfiw & 4

conv_layer 5|2
%: Vgg16()4

fe layer &=

\ \

v app. py ARFAHIE, HHAMER

load_imagei¥:l4 10007
prob: [HE#%, #E%, -]
tops: [HeinSASILE 55,

H L &k S
RS i AEEES]S, XML top5[0]
=. R V6 JRIE & SR
vgg16.py

#!/usr/bin/python

#coding:utf-8

import inspect



import os

import numpy as np
import tensorflow as tf
import time

import matplotlib. pyplot as plt

VGG_MEAN = [103.939, 116.779, 123.68] # F£4< RGB FIFIME

class Vggl6():
def __init_ (self, vggl6_path=None):
if vggl6_path is None:
vggl6_path = os. path. join(os. getcwd(), "vggl6.npy”) # os.getewd () JFEATIRE MR TI/EEHR.
print (vggl6_path)

self.data dict = np. load(vggl6_path, encoding= latinl’).item() # WHHENEEX, FABESH

for x in self.data dict: #i®/5 data_dict HKEAE

print x

def forward(self, images):

# plt. figure ("process pictures”)

print ("build model started”)

start_time = time. time () # FREUATH{EIBHITFIG ]

rgb_scaled = images * 255.0 # ZMBFRIL 255. 0 GRIFFILIATIR KAIIRASBO
# M GRB ¥ @ F BGR, WAMEA cv HH) GRBtoBGR

red, green, blue = tf.split(rgb_scaled, 3, 3)

assert red. get_shape().as_list()[1:] == [224, 224, 1]

assert green. get_shape().as list()[1:] = [224, 224, 1]

assert blue.get shape().as listQ[1:] == [224, 224, 1]

# DLE assert HEMAYT, AINANEANBRIAERENEZTUREMTUR—



bgr = tf. concat ([

blue — VGG_MEAN[0],

green — VGG_MEAN[1],

red — VGG_MEAN[2]], 3)

# BEABREEMEENGRTHE, XHRETUBKREBGKTHRER, ZIEEHERERRZ

assert bgr. get shape().as_list()[1:] == [224, 224, 3]

# BETORMIEE VGG 1 16 EM%E (B8 5 BB, 3 BaER), FEEMEMEZMENMESHK

# FBER, SERMERE, FEERANE, RS MEF R

self. convl_1 = self.conv_layer (bgr, “convl_1")

# N B E MK name, REWMEBENEPZAMRE, FETEE, BERELMSTBIEREUEHIE

self. convl_2 = self.conv_layer(self.convl_1, “convl _2”)

# TRIEA AR pooling B F5EZ Mok B b L BRAE

self. pooll = self.max_pool 2x2(self.convl_2, “pooll”)

# THEHKRFISHIESE—RAE

# BBER, AREERMERE, — AR

self. conv2_1 = self.conv_layer(self.pooll, “conv2 1”)

self. conv2_2 = self. conv_layer (self.conv2_1, “conv2_2")

self. pool2 = self.max_pool 2x2(self.conv2_2, “pool2”)

# BEBBR, AF=MERE —MRKE

self. conv3_1 = self.conv_layer(self.pool2, “conv3_17)

self. conv3 2 = self.conv_layer(self.conv3_1, “conv3_2")

self. conv3_3 = self. conv_layer(self.conv3_2, “conv3_3”)

self. pool3 = self.max_pool 2x2(self.conv3_3, “pool3”)

# BUREH, =M EHE, —MERRLE
self. conv4d 1 = self.conv layer(self.pool3, “conv4 17)

self. conv4 2 = self.conv_layer(self.conv4 1, “conv4_2")



self. conv4_3 = self. conv_layer(self. conv4_ 2, “conv4_3")

self. pool4 = self.max pool 2x2(self.conv4 3, “poold”)

# BFABER, AFZEAERE, — M EKIMLE

self. convb_1 = self.conv_layer(self.pool4, “conv5_1")

self. convb 2 = self.conv layer(self.convbs 1, “convb 2”)

self. convb_3 = self.conv_layer(self.conv5_ 2, “conv5_3")

self. pool5 = self.max_pool 2x2(self.conv5_3, “pool5”)

# BABEER

self. fc6 = self. fc_layer(self. pool5, “fc6”) # HRIEAT4EZEE name OISR FZEE

assert self. fc6. get_shape().as list () [1:] == [4096] # 4096 RiZEHHEHKE

self.relu6 = tf.nn. relu(self. fc6) # 23F relu BIFRE

t HLESZEE, AE—ERAHE
self. fcT = self. fc_layer(self.relub, “fc7”)

self. relu? = tf.nn. relu(self. fc7)

# B\ BLeEE

self. fc8 = self. fc_layer(self.relu?, “fc8”)

# BEEE—ENAERE, B softnax 4, B[3BT AR MBE

self. prob = tf.nn. softmax(self. fc8, name="prob”)

end_time = time.time () # BRI LRGSR ]

print (("time consuming: %f” % (end_time—start_time)))

self. data_dict = None # JEZ AR BB SHw d

# EXEREH

def conv_layer (self, x, name):



with tf.variable_scope (name): # R4 MBI BEFEHM%SH
w = self.get conv filter (name) # EFELEMHEL
conv = tf.nn.conv2d(x, w, [1, 1, 1, 1], padding="SAME’) # HHItHE
conv_biases = self.get bias(name) # LFREMR
result = tf. nn. relu(tf. nn. bias_add(conv, conv_biases)) # i L{RE, FHHEUEHHE
return result
# 5B CRECERUZIN R 3
def get_conv_filter(self, name):
# I 2 nane MBH S AP EUBIXT B KB HUL
return tf. constant (self. data_dict [name] [0], name="filter”)
# 52 SCEREX i BT B 3
def get_bias(self, name):
# I Ar4 2 H nane MBH S AP EUBIXT B KB EUL
return tf. constant (self. data_dict[name] [1], name="biases”)
# 5 BRIk
def max_pool_2x2(self, x, name):
return tf.nn max_pool (x, ksize=[1, 2, 2, 1], strides=[1, 2, 2, 1], padding="SAME’, name=name)
# 5B AR AT P A E
def fc_layer(self, x, name):
with tf.variable_scope (name) : # R Ar4% 22/ name AR KTHE
shape = x. get_shape().as_list() # REUZBEMEFESEIIER
print “fc_layer shape ”, shape
dim = 1
for i in shape[1:]:
dim *= i # KEEERATR
# BEREERIER, B REEIIN S RIENR R, RERASSEEEEEMZRE

x = tf. reshape(x, [-1, dim])

w = self. get_fc_weight (name)# RN EE

b = self.get_bias(name) # R ETE



result = tf.nn. bias add(tf. matmul (x, ), b) # SEERMABIBCRA, i bwE
return result

# 5B SRR E R

def get_fc_weight(self, name): # RIEMZ =M name NS EF B IR BN B I E

return tf.constant (self. data dict[name] [0], name="weights”)

utils.py
#1/usr/bin/python

#coding:utf-8

from skimage import io, transform
import numpy as np

import matplotlib.pyplot as plt
import tensorflow as tf

from pylab import mpl

mpl.rcParams[‘font.sans-serif'|=['SimHei'] # E% B P35

mpl.rcParams[‘axes.unicode_minus']=False # IE¥ BRERE

def load_image(path):

fig = plt.figure(""Centre and Resize")

img = io.imread(path) # IR{BEN KBRERAR A

img =img/255.0 # ¥BFEIH—42I[0,1]

# WZEAR AT =5
ax0 = fig.add_subplot(131) # T8 BRI IZEAR M E—MIE

ax0.set_xlabel(u'Original Picture') # ¥RiNTHr2E



ax0.imshow(img) # BhnERZEBE

short_edge = min(img.shape[:2]) # $REZEERHRED

y = (img.shape[0] - short_edge) / 2

x = (img.shape[1] - short_edge) / 2 # EEBGH w A h FBRERED, FHRFH
crop_img = img[y:y+short_edge, x:x+short_edge] # B4t i ep0o R

print crop_img.shape

ax1 = fig.add_subplot(132) # 3T i i B @8HEZ mAr FI 58 ML B
axl.set_xlabel(u"Centre Picture”) # ¥iNFhrds

ax1.imshow(crop_img)

re_img = transform.resize(crop_img, (224, 224)) # resize BE & imag_szie

ax2 = fig.add_subplot(133) # & i A BRI e E A FR 58 =ML B
ax2.set_xlabel(u™Resize Picture™) # HINFArEE
ax2.imshow(re_img)
img_ready = re_img.reshape((1, 224, 224, 3))
return img_ready
# BN H T REY
def percent(value):

return '%.2f%%" % (value * 100)

app.py

#coding:utf-8

import numpy as np

# Linux FREFBA GUI BB TMER matplotlib 2, SFET pyplot Z &
#import matplotlib

#matplotlib.use('Agg")



import tensorflow as tf

import matplotlib.pyplot as plt

# FE=AME5 I H e Xk
import vgg16
import utils

from Nclasses import labels

img_path = raw_input(‘Input the path and image name:")

img_ready = utils.load_image(img_path) # 38 load_image() &%, XM K BEM—ETUCERRE

#EX—A figure BEE O, IFigE® ONER, BATLHRESAEBRRA

fig=plt.figure(u' Top-5 FLR")

with tf.Session() as sess:
# JE X —AMERERI1,224,224,3] 28B0K float32 ) tensor (5L
x = tf.placeholder (tf.float32, [1, 224, 224, 3])
vgg = vggl6.Vggl6() # 2 Vggle Sk vgg
# TWRRKRBR AT T forward(), FFAENRFIRAEME, Xt RT3 rERE
vgg.forward(x)
# H— batch IIBEARMRARILE, 53 P4 i TigH

probablity = sess.run(vgg.prob, feed_dict={x:img_ready})

#np.argsort MECEEIFME (probability MEFHFEM[[EFMEFIMRMID HABKMESHE
# FEH TR RN EARSE
top5 = np.argsort(probability[0])[-1:-6:-1]

print "'top5:"*,top5



# XA list—-3F LI BEREN L FRIRaE (zebra)
values =[]

bar_label =[]

for n, i in enumerate(topS): # M3 EEBHKIAARSIE
print "n:",n
print "i:"i
values.append(probability[0][i1) # 2 5IEXH R A IR A EUH RN values
bar_label.append(labels[i]) # R#EZ 5B T B SLFRAREFFHN bar_label

printi, *:", labels[i], **---"", utils.percent(probability[0][i]) # ITEN)B T HEARHKFER

ax = fig.add_subplot(111) # K EATRISR—4T—F], HETEBAIH
# barREAFIHDRE, B3 range(len(values AT THF, values RHERIIFIR (AT RNERE,
# tick_label 2 MET ERRHIRE (LHFMMKFL), width RETREE, fo RETREE)
ax.bar(range(len(values)), values, tick_label=bar_label, width=0.5, fc="g")
ax.set_ylabel(u'probability’) # 4 B HEHIRE
ax.set_title(u'Top-5") # #iNFRE
for a,b in zip(range(len(values)), values):
# FERMET R TR B TNERE, a, b FoRASR, b+0.0005 FREIICAR B EERTHMET I
0.0005 fIfr &,
# center RFTRICRML FARET AT 0 MBS FIALE, bottom ¥ AV BT TR BT 14 AR
frE, fontsize BFS
ax.text(a, b+0.0005, utils.percent(b), ha="center", va = 'bottom", fontsize=7)
plt.savefig("./result.jpg") # 177 & A

pltshow() # BERRER (linux %2 E¥ SRR



M. REFRINSGINE

FTENH img_ready K 4E % -

app.py &% 11 17N print "img_ready shape", tf.Session().run(tf.shape(img_ready))
d

2 import numpy as np

import tensorflow as tf
import matplotlib.pyplot as plt
import vgglé
import utils
from Nclasses import labels

img_path = raw_input(’'Input the path and image name:')
img_ready = utils.load_image(img_path)
print "img_ready shape", tf.Session().run(tf.shape(img_ready))

. img_readyshape [1 224 224 3]

B SCE RS

with tf.variable scope("foo"):
with tf.variable scope("bar™):
v = tf.get variable("v", [1])

assert v.name == "foofbar/v:g"

HIa L BIRE ) foo/barlv



